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Reputational Conservatism in Expert Advice*

Georgy Lukyanov' Anna Vlasoval

Abstract

We develop a tractable career—concerns model of expert recommendations with
a continuous private signal. In equilibrium, advice obeys a cutoff rule: the expert
recommends the risky option if and only if the signal exceeds a threshold. Under a
mild relative-diagnosticity condition, the threshold is (weakly) increasing in reputation,
yielding reputational conservatism. Signal informativeness and success priors lower the
cutoff, while stronger career concerns raise it. A success—contingent bonus implements
any target experimentation rate via a one—to—one mapping, providing an implementable

design lever.

Keywords: career concerns; expert advice; reputational incentives; information design;

experimentation.

JEL: D82; D83; C72.

1 Introduction

Committees, boards, and regulators routinely rely on expert recommendations when the
underlying evidence is noisy and outcomes are publicly observed. In such environments,
experts care not only about the contemporaneous payoff from getting things right, but also
about how their actions and realized outcomes shift the market’s assessment of their ability.
This creates a classic career—concerns tradeoff that practitioners often describe as “playing
it safe at the top”: senior analysts, established doctors, or reputable policymakers appear
more conservative than their lower—reputation counterparts. When does reputation make
experts conservative, and what simple levers let a principal raise or lower experimentation in

a disciplined way?

*We thank Vitalijs Jascisens, Steven Kivinen, Alessandro Riboni, Stepan Svistunov, Alexey Verenikin and
Maria Ziskelevich for useful comments and discussions. All remaining errors are ours.
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We answer these questions in a tractable model of expert advice with a continuous private
signal about a binary payoff.! An expert publicly recommends either a risky or a safe action;
risky recommendations are implemented with a probability that (plausibly) increases in the
expert’s current reputation, and realized successes/failures are publicly observed.? The key
primitives are minimal: (i) a monotone signal about success, (ii) a reduced—form reputational
payoff that depends on the posterior after public observations, and (iii) an implementation
intensity that is higher for more reputable experts. We deliberately focus on a single episode
to isolate the selection effect of reputation on advice, abstracting from dynamic contracting
or long-horizon reputation management.

Our first result is a simple characterization: equilibrium advice follows a cutoff rule. The
expert recommends the risky action if and only if the signal exceeds a threshold that depends
on reputation (Proposition 4.1). The cutoff logic rests solely on single—crossing of expected
payoffs in the continuous signal and yields uniqueness and continuity of the threshold.

Our central insight is reputational conservatism: under a mild relative-diagnosticity
condition—failures are (weakly) more informative than successes at higher standing—the
cutoff is (weakly) increasing in reputation (Proposition 4.2).3 Intuitively, when implementation
is more likely at high reputation and failures are particularly revealing in that region,
high-reputation experts internalize a larger reputational downside from visible failures and
thus require stronger evidence before endorsing risk. The model therefore predicts fewer risky
recommendations but higher conditional hit rates among high-reputation experts.

We then deliver transparent comparative statics (Proposition 4.3). Greater signal informa-
tiveness or a higher success prior lowers the cutoff; stronger career—concern intensity raises it
in the conservatism region. Finally, we provide a design lever with immediate implementation
value: a success—only bonus induces a one-to—one mapping to the experimentation rate at a
given reputation (Proposition 5.1). This gives principals a single-parameter knob to target
experimentation without estimating the entire structure. A complementary corollary shows
how gatekeeping/monitoring that lowers implementation intensity shifts selection on risk in
predictable ways (Corollary 5.2).

We offer a clean, continuous—signal foundation for reputational conservatism in expert

IThe signal satisfies single-crossing (MLRP), not necessarily Normality. Our results rely on monotone
likelihood ratios, so they extend to standard continuous families. A Gaussian microfoundation appears in
Appendix B.

2We treat implementation intensity as a reduced-form object capturing client uptake, committee approval,
or regulatory gatekeeping. It is exogenous in the baseline for clarity; policy shifts (e.g., stricter gatekeeping)
are modeled by a parameter T that monotonically lowers implementation intensity.

30ur RD condition is local (evaluated at the cutoff) and weaker than global “bad-news” dominance.
Intuitively, near the threshold, failures are (weakly) more revealing than successes for high-reputation experts,
especially when their recommendations are implemented more often. Appendix B gives a Gaussian illustration.
If RD were violated, the reputational comparative static could be non-monotone.



advice, distinct from classic herding and multi-expert cheap-talk channels. We show that
simple success-contingent pay enables direct implementation of target experimentation,
providing a design tool orthogonal to full contract redesign. Our theory produces portable,
testable predictions about how standing correlates with the frequency and accuracy of risky

recommendations, while remaining agnostic about measurement.*

2 Related Literature

Our work is closest to models where observable outcomes feed a market’s assessment of ability
and shape effort or risk choices. Recent contributions include Halac and Kremer (2020),
who study dynamic experimentation under career concerns with bad-news learning and show
how reputational incentives distort quitting; Marinovic and Szydlowski (2022), who analyze
continuous-time monitoring with career concerns on the monitor’s side; and Azrieli (2021),
who characterize contracts that induce experts to collect and truthfully report information
under monitoring frictions. Relatedly, Moroni (2022) examines experimentation assignments
in organizations; and work on delegated experimentation and dynamic delegation (e.g.,
Escobar and Zhang, 2021; Okat and Nash, 2024; Wittbrodt and Yoder, 2025) studies when
principals cede experimentation to agents. Relative to this strand, we isolate a single-episode
recommendation problem with continuous signals and derive a global threshold that increases
in reputation under a mild diagnosticity condition, yielding sharp comparative statics and
implementable levers.

The classic view models experts who care about how their messages or recommendations
affect reputation (e.g., Ottaviani and P. N. Sgrensen, 2006; Ottaviani and P. Sgrensen, 2006).
Closer to us, Liu and Sanyal (2012) studies expert recommendations under career concerns
when actions can be reversed by a principal, and Klein and Mylovanov (2017) analyzes when
long horizons counteract conservative reporting incentives. Catonini and Stepanov (2023)
studies information aggregation when a reputation—concerned decision maker solicits advice
from reputation—concerned advisors.

We also connect to persuasion and information design, particularly results that deliver
tractable, global characterizations and implementable instruments. Foundationally, Kamenica
and Gentzkow (2011) shows the value of commitment over signal structures. Subsequent
advances include persuasion with publicly or privately informed receivers (Kolotilin, 2015;

Kolotilin et al., 2017) and robust persuasion under model uncertainty (Dworczak and Pavan,

4We deliberately present a theory-only contribution. The predictions (selection on risk by reputation;
conditional hit rates; policy invariants for bonuses and gatekeeping) are qualitative and portable across
domains, but we do not undertake measurement or calibration here.



2022). Our contribution is complementary: rather than designing a signal, we ask how
a principal can shape recommendations through simple, success—contingent bonuses and
implementation intensity, taking the information source as given.

A growing literature studies how organizational rules and monitoring shape information
production or selection on risk (e.g., Marinovic and Szydlowski, 2022; Azrieli, 2021). Our
model provides a compact link between gatekeeping (lower implementation intensity for risky
recommendations) and selection on risk via the cutoff, and delivers a closed—form mapping
from bonuses to experimentation frequencies, which can be used inside committees or review
processes.

Across these strands, we emphasize three departures. (i) A continuous-signal environment
that yields a unique cutoff and global monotone comparative statics without case splits; (ii)
a reputational-diagnosticity condition that is microfounded in standard Gaussian settings
(Appendix B) and delivers reputational conservatism; (iii) implementable levers—success—only
bonuses and gatekeeping—that provide direct, testable mappings to experimentation and

selection on risk.

Roadmap. Section 3 presents the environment and equilibrium notion. Section 4 establishes
the cutoff characterization, reputational conservatism, and comparative statics. Section 5
develops the implementability of experimentation via success—only bonuses and the effects of
gatekeeping. Section 6 discusses implications and scope; the Appendix contains proofs and a

Gaussian microfoundation for the diagnosticity condition.

3 Model

3.1 Environment

We study a single recommendation episode. An expert privately observes a continuous signal
x € R about a binary payoff (“success” y = 1 or “failure” y = 0). After observing x, the
expert recommends either a risky action a = R or a safe action a = S.°

A public reputation state p € (0,1) summarizes the market’s belief about the expert’s
ability at the start of the episode. If the risky action is recommended, it is implemented
with probability A(p) € [0, 1]; if implemented, the realized outcome y € {0, 1} is observed
publicly. If the safe action is recommended, a conservative alternative is taken and produces

no informative outcome in that period.

What matters is that the risky option generates an informative, publicly observed outcome when
implemented. The safe option can be interpreted as a fallback whose outcome is either uninformative or not
publicly salient; allowing a low-informativeness “safe outcome” leaves our results intact.

4



Conditional on the signal, the risky action would succeed with probability

px) € (0,1),  p'(z) >0,

so that higher signals make success more likely (a canonical microfoundation is an MLRP

signal about a binary state).

3.2 Timing and beliefs

The within-episode timing is:
(i
(i

) Public reputation p is given.
)

(iii) The expert recommends a € {R, S}; the recommendation is public.
)

The expert privately observes .
(iv) If a = R, the recommendation is implemented with probability A(p); if implemented,
the outcome y € {0, 1} is realized with Ply = 1 | ] = p(z) and publicly observed.

(v) The public updates to a posterior reputation p* = ®(p; a, ty), where ¢ € {0, 1} indicates
implementation (so the public observation is (a,ty)).

(vi) Payoffs accrue (defined below).

When strategies are of cutoff type (Definition 3.5), posteriors after each public event do
not depend on the realized x beyond the event itself. We denote by

pr1(p);  pro(p), ps(p)

the Bayes-consistent expected posteriors after, respectively, observing (a = R,y = 1),
(a =R,y =0), and a = S, integrating over the truncated signal distributions induced by the

strategy and the primitives.

3.3 Payoffs and the success-only bonus

The expert is risk-neutral and derives a reduced-form career-concerns payoff from reputation:®

W: 0,1 >R W()>0.

6W(-) is a reduced-form continuation value (e.g., future wage, promotion probability, or demand for advice)
as a function of the posterior reputation. A scale factor k captures the strength of career concerns and drives
the corresponding comparative static in Proposition 4.3.



In addition, a success-contingent bonus b > 0 pays only if the expert recommended R, it was
implemented, and the outcome succeeded.”
Given signal x and reputation p, the expert’s expected one-period payoft from recom-

mending R versus S is

UR<x;p>:A<p>[p<x>w(pR,1<p>)+(1—p<x>)w(p3,0<p>)} + bA(p)p(x), (3.1
Us(; p) = W (ps(p)). (3:2)

Define the payoff difference

A(z;p) = Urlx;p) — Us(z; p). (3.3)

3.4 Assumptions

Assumption 3.1. The success probability p : R — (0, 1) is strictly increasing and continuously

differentiable in x (e.g., induced by an MLRP signal about a binary state).

Assumption 3.2. Implementation intensity \ : [0,1] — [0,1] is weakly increasing and

continuous in reputation p.

Assumption 3.3. The reputational payoff W is strictly increasing and continuous in the

posterior reputation.

Assumption RD (Relative diagnosticity) 3.4. For sufficiently high p, the expected reputational
return to recommending R (relative to S) at the equilibrium cutoff weakly declines in p;
equivalently, failures are (weakly) more diagnostic than successes when reputation is high

and are more likely to be realized when A(p) is higher.

For later results, it is convenient to let: (i) a prior parameter = € (0,1) shift success
probabilities p(z;7) pointwise in z; (ii) an informativeness index # make p(-;6) steeper
in the Lehmann sense; (iii) a career-concern strength x > 0 scale reputation payoffs via
W.(-) = kW (-); and (iv) the bonus b > 0 enter as in (3.1). Gatekeeping/monitoring will be
captured by a parameter T that shifts A(p;T") with OA/0T < 0.

3.5 Equilibrium

Definition 3.5. A stationary equilibrium consists of a cutoff function ¢ : [0,1] — R and a
belief-update rule ® such that:

™“Bonus” is shorthand for any success-contingent reward observable to the audience (monetary or otherwise).
Examples include public recognition, analyst “star” status, or promotion. Our analysis abstracts from
multitasking; in richer environments the instrument can be made small and targeted to risky recommendations.



(a) Given @, the expert recommends R if and only if z > ¢(p) and S otherwise, for every
p€(0,1).
(b) @ is obtained from Bayes’ rule using the cutoff strategy c(:) and the primitives.

Under Assumptions 3.1-3.3, A(x; p) in (3.3) is strictly increasing in z, which delivers the

cutoff characterization stated formally in Proposition 4.1.

4 Equilibrium and Main Results

The goal of this section is to turn the qualitative forces described in the Introduction into
transparent objects that organize the entire analysis. We first show that advice admits a
simple global description: a single threshold in the continuous signal separates risky from
safe recommendations. This cutoff logic is not a knife—edge artifact; it follows from a familiar
single—crossing structure and gives uniqueness and continuity.

We then establish our central comparative static—reputational conservatism—and collect
additional monotone effects with respect to informativeness, priors, career—concern strength,
and the success—only bonus.

Throughout, we keep the presentation intuitive and emphasize how each result maps to

observable behavior (frequency of risky recommendations and conditional hit rates).

4.1 Cutoff characterization

Before any design lever is considered, one needs a tractable description of advice. Be-
cause higher signals make success more likely, while the safe recommendation carries no
signal-contingent reputational risk within the episode, the expert’s net gain from risk is
strictly increasing in the private signal. This single—crossing property collapses the strategy
space to a single number—the cutoff—so that the entire behavior of the expert at a given
reputation is summarized by “how much evidence is enough to take risk.” This characterization

not only yields uniqueness but also anchors all comparative statics that follow.

Proposition 4.1. Under Assumptions 3.1-3.3, for every reputation level p € (0,1) there
exists a (weakly) unique threshold c¢(p) € R such that the expert recommends R iff x > c(p).

Moreover,

0.A(39) = Mp) () (W (prs(p)) = W (pmole) +) > 0,

so A(+; p) s strictly increasing in x.

8Uniqueness follows from strict single-crossing of A(z;p) in x; multiple equilibria typical of cheap-talk
environments do not arise here because actions are verifiable and outcomes feed posteriors directly.



Proof sketch. By (3.1)-(3.3), Ug is independent of z, while Uy increases in « because p'(z) > 0
and W is increasing, which implies W (pg1) > W{(pr); the bonus adds b > 0. Hence 9,A > 0.
Since A(x;p) — —Wi(ps) as p(z) — 0 and A(z;p) — Ap) Wi(pr1) — W(ps) +bA(p) as

p(z) — 1, the intermediate value theorem yields a unique root ¢(p). O

4.2 Reputational conservatism and comparative statics

Having pinned down the cutoff, we ask how it moves with reputation and with economically
meaningful primitives. Our diagnosticity condition formalizes a common intuition: at higher
standing, a visible failure carries more reputational weight than a visible success carries
favorable weight.

When implementation is also more likely at higher standing, this makes the downside
of a risky call loom larger for respected experts, pushing the cutoff up—hence reputational

9 Beyond reputation, the model predicts that more infor-

conservatism (Proposition 4.2).
mative signals or more favorable priors reduce the evidentiary bar for risk, while stronger
career—concern intensity raises it; a success—only bonus shifts the bar down (Proposition 4.3).
These effects translate directly into predictions for both the frequency of risky recommenda-

tions and their conditional accuracy.

Proposition 4.2. Suppose Assumption 3.4 holds from some p € (0,1) onward. Then the

equilibrium cutoff is (weakly) increasing in reputation for p > p: ¢(p) > 0.

Proof sketch. At interior points, the cutoff satisfies A(c(p); p) = 0. By the implicit function

theorem,
(p) = _9pAlelp)ip)

9z A(c(p); p)
The denominator is strictly positive by Proposition 4.1. Assumption 3.4 states that at
the cutoff the expected reputational return to R relative to S weakly declines with p, so
9pA(c(p); p) < 0 for p > p. Thus c(p) > 0. O

Proposition 4.3. Let p(x; 7, 0) denote the success probability with prior parameter m € (0, 1)
and informativeness index 0 (higher 0 is a Lehmann/Blackwell improvement). Let W,, = kW
with k > 0 scale the career-concerns payoff, and let b > 0 be the success-only bonus. Then, at

interior solutions:

(1) If 6 steepens p(-;m,0) in the Lehmann sense, then 0c/00 < 0.
(i) If p(x;m,0) is pointwise increasing in 7, then dc/Om < 0.

9The mechanism is selection: when p is high, the public more often sees outcomes of one’s risky calls,
and—mnear the decision margin—failures carry more informational weight than successes. The expert
internalizes this asymmetric exposure and becomes more conservative.



(iii) Under Assumption 3.4 at moderate/high p, Oc/0k > 0.
(iv) Oc/Ob <0 for all p.

Proof sketch. Differentiate the identity A(c(p;€); p, &) = 0 w.r.t. each parameter £ € {0, 7, K, b}:

de e A(c(p; €); p, €)

PG i WPyt

The denominator is positive by Proposition 4.1. (i)—(ii): Ug is increasing in p while Ug
is independent of z; a Lehmann improvement or higher prior raises Ui at any given z, so

O¢A > 0 and 0c/0¢ < 0. (iii): With W, = kW,

0cs = A(p) [P()W (pra) + (1 = p(0) W (pro)] = W (ps).

Under Assumption 3.4 at the cutoff and for sufficiently high p, this is < 0, hence dc¢/dk > 0.
(iv): OpA = A(p) p(c) > 0, so Oc/0b < 0. O

Remark 4.4. The strict monotonicity of A(+; p) in x implies the cutoff is unique for each p.

Under mild regularity on p, A\, W, ¢(p) is continuous in p and in the parameters (m, 0, k,b).

5 Success-Only Bonus and Implementation Intensity

The cutoff logic also makes it straightforward to reason about policy levers. We focus on two
that are widely used and easy to implement: (i) a success—contingent bonus paid when a
risky recommendation is implemented and succeeds, and (ii) gatekeeping/monitoring that
affects the probability a risky recommendation is implemented.!® The first acts directly on
the expert’s payoff from success; the second alters how often successes and failures become
public events. Both levers map cleanly into the cutoff, and thus into experimentation rates,

providing practical guidance for committees and principals.

5.1 Bonus — experimentation mapping

A principal often cares about how often experts recommend genuine opportunities rather than
about the precise threshold itself. Because the bonus raises the return to a successful risky
recommendation uniformly across signals, it shifts the cutoff monotonically and continuously.

This delivers a strictly increasing, one-to—one map from the bonus to the experimentation

rate at a given reputation (Proposition 5.1). In practice, this means that a single scalar

00perationally, gatekeeping lowers the arrival rate of observable outcomes. At the margin this raises the
evidentiary bar for risk (higher cutoff) and reduces experimentation (Theorem 5.2).



parameter can be tuned to hit a target frequency of risky recommendations without estimating
the entire model.
Fix p and let Fx denote the (unconditional) CDF of the private signal z. Given the

equilibrium cutoff ¢(p;b), define the experimentation rate!!

e(pib) = Plu > c(pib)] = 1= Fx(c(pib)).

Proposition 5.1. For any p € (0,1):

(i) €(p;b) is continuous and strictly increasing in b > 0.
(77) limyjoe(p;b) =: eo(p) € (0,1) and limyoo £(p; b) = 1.
(7ii) Hence, for any target &€ € (50(/)), 1) there exists a unique b(é, p) implementing £(p; b) = £.

Proof sketch. By Proposition 4.3(iv), ¢(p; b) is strictly decreasing and continuous in b. There-
fore e(p;b) = 1 — Fx(c(p; b)) is strictly increasing and continuous. As b — oo, the b-term in
(3.1) dominates, so ¢(p;b) L —oo and e(p;b) T 1. As b 0, c(p;b) 1 ¢(p;0) and the induced
rate go(p) = 1 — Fx(c(p;0)) lies in (0, 1) under nondegenerate Fy. Strict monotonicity gives

uniqueness. O

It is sometimes convenient to invert the cutoff condition at fixed reputation: from
A(c(p; b); p) = 0 and (3.3) one obtains the implicit map

W (ps(p)) = Ap) [p<c> W (pra(p) + (1= p(0)) W(pm(m)}

en) = X9 p(e) - 6

Combining ¢ = Fy'(1 — &) with (5.1) yields the unique b(, p).

5.2 Gatekeeping, monitoring, and implementation intensity

Gatekeeping and monitoring change how often risky recommendations are actually put into
action and thus how frequently outcomes become public signals about ability.

When implementation becomes stricter, both successes and failures are observed less often,
but at the cutoff the net effect is to raise the evidentiary bar for taking risk. Consequently,
stricter gatekeeping reduces experimentation in a predictable way (Corollary 5.2). This
provides a simple organizational insight: approval processes that throttle implementation

will mechanically select toward safer advice, even holding information quality fixed.

te(p;b) is the ex-ante probability of a risky recommendation at reputation p under bonus b. It is not a
hazard rate; its comparative statics follow directly from the cutoff’s monotonicity in Theorem 4.3 and the
mapping in Theorem 5.1.
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Let T index gatekeeping/monitoring stringency so that OA(p; T')/OT < 0 (higher T' means
stricter implementation). Differentiate A(c(p; b); p, AMp; T)) = 0 to obtain

dc A {p(c) W(pr1) + (1= p(c) W(pR,O)] +bplc)

G S 5.2
a)\(p ) 0, A Ap) p'(c) (W<,0R,1)_W<pR,O)+b) o

where all objects are evaluated at = = ¢(p; b) and we suppress the p-arguments for brevity.

Corollary 5.2. If the bracketed term in the numerator of (5.2) is nonnegative (in particular,
for any b > 0), then dc/OX < 0. Consequently, with ON/OT <0,

Oc Oe B Oc

>0 and T = —fx(c)

i <0
or — ’

or
so stricter gatekeeping (higher T ) raises the cutoff and lowers experimentation.

Proof sketch. The denominator of (5.2) is positive by Proposition 4.1. If the numerator is
nonnegative (always true when b > 0), then dc/9X < 0; the sign for T follows by the chain
rule and ¢ = 1 — Fx(c). O

6 Discussion and Extensions

The model clarifies a common pattern in advisory settings: elites look cautious not (only)
because they are inherently risk-averse, but because visible failures are more informative and
more likely to be realized when one’s recommendations are routinely implemented.

Two organizational levers follow immediately. First, success—contingent bonuses offer
a direct way to tune experimentation without wholesale contract redesign; the one—to—one
bonus-to—frequency map in Proposition 5.1 makes the tool easy to calibrate. Second,
gatekeeping and approval processes should be viewed as selection devices: tightening them
shifts the institution toward fewer risky recommendations, which can be beneficial when
failures are very costly but harmful when exploration is valuable.

In committees, these levers can be combined—e.g., relax approval for high—priority
domains while raising success bonuses, and do the opposite for low—priority domains.'?

Three predictions travel well across domains.

(i) Selection on risk by standing: holding information quality fixed, higher—reputation

experts issue fewer risky recommendations but enjoy higher conditional hit rates.

12A practical rule of thumb from Theorem 5.1: fix a target experimentation frequency by domain and
reputation tier, compute b(¢, p) via (5.1), and recalibrate periodically as diagnostics (signal informativeness)
evolve.

11



(ii) Information quality effects: when signals become more informative (better diagnostics,
more granular evidence), cutoffs fall and both experimentation and conditional accuracy
can move in the same direction.

(iii) Policy invariants: raising the success—only bonus increases experimentation at every

reputation level; stricter gatekeeping reduces it.

These predictions are qualitative and do not rely on parametric structure beyond sin-
gle—crossing and RD.

Whether conservatism is beneficial depends on primitives outside our informational core:
the social value of success, the cost of failure, and how often implementation should occur. If
failures impose large external costs, conservatism induced by career concerns can be partially
corrective; if successes generate spillovers or learning, it can be inefficiently stifling.

We intentionally keep welfare analysis light, as it quickly becomes environment-specific;
nonetheless, Proposition 5.1 provides a tractable instrument to align individual incentives
with institutional objectives.

Our results rest on three elements: continuous private information satisfying single—crossing
(MLRP), a monotone implementation probability in reputation, and a reputational payoff
increasing in posterior beliefs. The cutoff characterization and the comparative statics
survive standard perturbations (alternative continuous families, smooth changes in W or \).
Assumption RD is microfounded in Gaussian settings (Appendix B) and is consistent with
the idea that failures near the decision margin are especially revealing.

Promising directions include: committees with multiple advisors (thresholds become profile-
dependent and may generate strategic complementarities), multidimensional signals (cutoffs
become surfaces with potentially interesting geometry), and endogenous implementation
(where committees choose A jointly with incentives). Each preserves the core selection logic
while introducing new levers—e.g., rotating gatekeeping responsibilities or state—contingent

bonuses. We leave these to future work.

7 Conclusion

We studied expert recommendations under career concerns in a continuous-signal environment
with observable outcomes. Three takeaways emerge. First, tractability: advice admits a
global cutoff characterization that is unique and continuous, providing a simple summary
statistic—“how much evidence is enough for risk?”—for any given reputation level. Second,
reputational conservatism: under a mild diagnosticity condition, the cutoff (weakly) increases
with reputation, implying fewer risky recommendations but higher conditional hit rates

among high-reputation experts. Third, implementable levers: a success—only bonus generates

12



a strictly increasing, continuous map to experimentation, while gatekeeping shifts selection
on risk via implementation intensity.

These insights are portable and testable. They rationalize widely noted patterns in
advisory organizations and furnish principals with a minimal tool to steer behavior without
micromanaging information production or rewriting complex contracts. The theory deliber-
ately focuses on a one—episode benchmark; extending the cutoff logic to committees, repeated
interactions, and endogenous implementation is a natural agenda.

Our hope is that the combination of a clean behavioral summary (the cutoff), clear quali-
tative predictions, and concrete levers will be useful to both theorists studying reputational

incentives and practitioners designing expert systems.

Data and Code Availability

This research is purely theoretical and does not use data, code, or experimental materials.

No replication files are necessary.
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A  Proofs

Lemma A.1. Under Assumptions 3.1-3.3, for any fized p € (0,1) the payoff difference
A(xz; p) = Ug(z; p) — Us(x; p) is strictly increasing in x. Moreover,

0.A(53p) = M) () (W(pra(o)) = W (prolp) +b) > 0.

Proof. From (3.1)—(3.2), Ug is independent of x and 9,Ur = A\(p) p/(z) (W(pR,l) —W(pro) +
b). By Assumption 3.1, p/(x) > 0; by Assumption 3.3, W is strictly increasing so W(pg1) >
W(pro); and b > 0. Thus 9,A > 0. O

Proof of Proposition 4.1. Fix p. By Lemma A.1, A(:;p) is strictly increasing, hence has
at most one root. For x with p(z) =~ 0, A(z;p) = —W(ps) < 0. For x with p(z) ~ 1,
Ax;p) = Mp)W(pr1) — W(ps) +bA(p). Since W(pr1) > W(ps) and b > 0, the latter is
> 0. By continuity, there exists a (weakly) unique ¢(p) with A(c(p); p) = 0. O

Proof of Proposition 4.2. At interior points, the cutoff satisfies A(c(p); p) = 0. By the implicit
function theorem,
dp) = — 9,A(c(p); p) ‘

9z A(c(p); p)
The denominator is strictly positive by Lemma A.1. Assumption 3.4 states that at the cutoff
the expected reputational return to R (relative to S) weakly declines with p for p > p, i.e.
9,A(c(p); p) < 0. Hence ¢/(p) > 0 on [p, 1). O

Proof of Proposition 4.3. Let & € {0, 7, k, b} and write the indifference condition A(c(p; €); p, &) =

0. Differentiate:
e ey 0D (c(p;€); p,6)
0" O A(c(p; €): p, €)

The denominator is > 0 by Lemma A.1. (i) Lehmann improvements steepen p(-; 7, ), so Ug

rises pointwise in x, implying dyA > 0 and d¢/00 < 0. (ii) If p(-; 7, @) increases pointwise
in 7, then ;A > 0 and dc¢/0r < 0. (iii) With W,, = kW, 9,A = A(p) [p(c)W(pRl) +(1—
p(c))W(pR,O)} — W(ps). Under Assumption 3.4 at the cutoff and for moderate/high p, this
is <0, hence dc/0k > 0. (iv) OA = A(p) p(c) > 0, so dc/0b < 0. O

Proof of Proposition 5.1. By Proposition 4.3(iv), ¢(p; b) is strictly decreasing and continuous
in b. Thus e(p;b) = 1 — Fx(c(p; b)) is strictly increasing and continuous in b. As b | 0,
c(p;b) 1 ¢(p;0) so e(p;b) — eo(p) := 1 — Fx(c(p;0)) € (0,1) under nondegenerate Fy. As
b 1T 0o, the b-term in (3.1) dominates, forcing c¢(p; b) | —oo and e(p; b) 1 1. Strict monotonicity
yields the uniqueness of b(¢, p) for any & € (eo(p), 1). O
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Proof of Corollary 5.2. Differentiate A(c(p;b); p, \) = 0 w.r.t. A to obtain (5.2). The denom-
inator is positive by Lemma A.1. If the numerator is nonnegative (e.g., whenever b > 0),
then dc/OX < 0. Since OA/IT < 0, the chain rule gives dc/0T > 0. Finally, e = 1 — Fx(c)
implies 0 /0T = —fx(c) 0c/OT < 0. O

Continuity note. Under the standing assumptions and mild regularity of Fly, standard

arguments imply that ¢(p) is continuous in p and in (7,8, K, b); details are omitted. O

B Gaussian Microfoundation for Assumption RD

This appendix sketches conditions under which Assumption 3.4 holds in a canonical Gaussian

environment.

Setup. Let the payoff state be s € {0,1} with prior 7 € (0,1). The expert privately

observes a signal z € R with
x‘sNN(M&Uz)? M1 > fo,

so that p(z) = P[s = 1| ] is strictly increasing in = (MLRP). Suppose that the market holds
public reputation p about the expert (e.g., the probability of high ability), and A = A(p) is
weakly increasing in p. Given a cutoff strategy a = R iff x > ¢(p), the public posteriors after
(a,y) are pr1(p), pro(p), and ps(p), obtained by Bayes’ rule integrating over the truncated

normal x | x > ¢(p).

Claim. For sufficiently high p, the expected reputational return to a risky recommendation

(relative to a safe one) at the cutoff weakly declines in p:

0

5120 [p(el)) W oma () + (1= b)) Wpro(o))] — Wios(o))} < 0

Sketch of argument. Two forces drive the derivative:

(i) Selection (diagnosticity) effect. Conditional on a = R, the signal is truncated to
x > ¢(p). At higher p, equilibrium behavior (by monotonicity of best responses in Gaussian
MLRP settings) implies a (weakly) higher cutoff ¢(p) in the relevant region; the truncated
distribution then places more mass on high x, making failure y = 0 at the cutoff increasingly
unlikely ex ante. Therefore, the likelihood ratio of observing y = 0 vs. y = 1 after a = R
grows (locally) with p, and, because W is increasing, the loss from a failure relative to the

gain from a success becomes larger in expectation.
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(ii) Implementation effect. Since X'(p) > 0, risky recommendations are implemented more
often when p is high, so both successes and failures realize more frequently. At the cutoff, the
success probability is p(c(p)) € (0,1). With even a small bonus b > 0, the reputational-plus-
bonus value of a success minus a failure is positive, but the expected reputational component
at the cutoff is dominated by the failure term because failures are rare but highly diagnostic
under truncation.

Formally, differentiating the expected reputational component and using properties of
truncated normals (monotone hazard) yields a nonpositive derivative for sufficiently high p,
establishing Assumption 3.4. This microfoundation is standard in Gaussian single-crossing

environments; full algebra is omitted for brevity. O]
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